
JOIM
www.joim.com

Journal Of Investment Management, Vol. 13, No. 3, (2015), pp. 35–56

© JOIM 2015

DECENTRALIZATION IN PENSION FUND MANAGEMENT
David Blake, Alberto Rossi, Allan Timmermann, Ian Tonks and Russ Wermers∗

The past few decades have seen a major shift from centralized to decentralized invest-
ment management by pension fund sponsors, despite the increased coordination problems
that this brings. Using a unique, proprietary dataset of pension sponsors and managers,
we identify two secular decentralization trends: sponsors switched (i) from generalist
(balanced ) to specialist managers across asset classes and (ii) from single to multiple
competing managers within each asset class. We study the effect of decentralization on the
risk and performance of pension funds, and find evidence supporting some predictions of
recent theory on this subject. Specifically, the switch from balanced to specialist managers
is motivated by the superior performance of specialists, and the switch from single to mul-
tiple managers is driven by sponsors properly anticipating diseconomies of scale within
an asset class (as funds grow larger) and adding managers with different strategies before
performance deteriorates. Indeed, we find that sponsors benefit from alpha diversifica-
tion when employing multiple fund managers. Interestingly, competition between multiple
specialist managers also improves performance, after controlling for size of assets and
fund management company-level skill effects. We also study changes in risk-taking when
moving to decentralized management. Here, we find that sponsors appear to anticipate
the difficulty in coordinating multiple managers by reducing their overall risk budget fol-
lowing decentralization, which helps to compensate for the suboptimal diversification that
results. In summary, our results shed light on the complex array of factors that affect the
decision of pension funds to delegate investment choice.

∗Blake is from Pensions Institute, Cass Business School,
City University London; Rossi and Wermers are from the
Department of Finance at the Smith School of Business,
University of Maryland at College Park; Timmermann is
from the Rady School, University of California at San
Diego; and Tonks is from the School of Management,
University of Bath.
∗This article is based on the authors’2013 paper “Decentral-
ized Investment Management: Evidence from the Pension
Fund Industry” published in the Journal of Finance.

1 Decentralized investment management:
The historical trend

The pension fund industry has witnessed a well-
documented shift from centralized to decentral-
ized investment management over the last few
decades of the twentieth century. Lakonishok
et al. (1992) studied the US money management
industry, and observed that, up to the early 1980s,
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pension fund sponsors typically employed a
single fund manager to manage their asset portfo-
lio; these pension fund managers operated under
balanced mandates that invested in both equity
and fixed-income securities, with very few spe-
cialists. In contrast, their sample of pension funds
from 1983 to 1990 included mainly specialist
managers, and they suggested that performance
evaluation had become difficult with the advent of
specialist managers. They argued that a specialist
manager may try to convince the sponsor that they
had outperformed their style benchmark even
though they may have underperformed the mar-
ket. Indeed, the celebrated Brinson et al. (1986)
paper on performance attribution was motivated
by the need to delineate responsibility for port-
folio performance in the presence of multiple
asset managers, which by 1985 had become the
common organizational form in the US pension
industry.

The practice of using multiple managers, referred
to as decentralized investment management by
Sharpe (1981), may at first appear surprising,
since there is the potential for suboptimal port-
folio diversification, leading to a “diversification
loss,” with individual managers having no incen-
tive to account for the correlation of their own
portfolio returns with the returns of other man-
agers employed by the pension fund sponsor. This
“coordination problem” has recently been ana-
lyzed in van Binsbergen et al. (2008, hereafter
denoted BBK). Moreover, employing separate
fund managers to oversee investments in indi-
vidual asset classes, rather than hiring a single
manager to oversee all asset classes, shifts the
responsibility for sector allocation, or market tim-
ing, away from fund managers to investment
advisors or consultants.

A number of potential benefits from employing
multiple managers counteract these disadvan-
tages from decentralization, especially as funds

grow larger. For example, pension funds can
diversify (across managers) the strategies used
to generate alpha to exploit the skills of special-
ist active managers with superior knowledge of a
particular asset class (Sharpe, 1981; van Bins-
bergen et al., 2008). They might also employ
multiple managers to induce yardstick competi-
tion, and benefit from the resulting higher effort
levels exerted by these managers (Shleifer, 1985).
The employment of multiple managers can also
help to diversify uncertainty about manager skills
(Kapur and Timmermann, 2005). Such benefits
from using multiple managers can be particu-
larly important for a sponsor with a large fund,
given the significant diseconomies of scale in
pre-fee returns in asset management (Chen et al.,
2004).

In the UK, a similar switch in pension fund
mandates also occurred, but at a later date. In
a major study of the UK’s pension fund man-
agement industry, Blake et al. (2013) examine
the factors behind this shift from centralized
to decentralized investment management that
was implemented by UK pension funds over
the period 1984–2004 using a unique, propri-
etary dataset (known as CAPS) provided by the
performance management service BNY Mellon
Asset Servicing. This work identifies two sec-
ular decentralization trends in the pension fund
management industry over this 20-year period:
corporate sponsors of occupational pension plans
switched (i) from employing generalist (bal-
anced) to specialist fund managers to manage
their pension fund assets across asset classes and
(ii) from employing single to multiple compet-
ing fund managers within each asset class. The
study analyzes the economic drivers of these
decentralization decisions, as well as examin-
ing their effect on the risk and performance
of pension funds, and finds evidence consistent
with some theories of decentralized investment
management.
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Decentralization in Pension Fund Management 37

Following the decision to outsource the invest-
ment management of a pension fund, plan
sponsors must decide on the optimal investment
delegation arrangement.1 In general, sponsors
can choose either centralized or decentralized
fund management, and there are two impor-
tant dimensions through which the centraliza-
tion/decentralization decision might be made.

First, the sponsor must decide whether to employ
generalist managers, under a “balanced mandate”
or a “multi-asset mandate”; or specialist man-
agers, under a “specialist mandate.” Under a
balanced mandate, the fund manager is respon-
sible for investing across the full range of assets
permitted by the sponsor. The sponsor always
chooses the strategic asset allocation (SAA). But
the balanced manager can make both market
timing (e.g., “tactical asset allocation”) and secu-
rity selection decisions. The specialist manager
is allowed to make security selection decisions
within a subclass of assets, and only limited
market timing decisions. The multi-asset man-
ager can invest in more than a single asset
category, but in less than the full range avail-
able to the balanced manager; the multi-asset
manager can also engage in more sophisti-
cated market timing strategies than the specialist
manager.

Second, the sponsor might decentralize by using
multiple balanced managers (rather than a single
balanced manager), each of whom invests across
all asset classes, or by using multiple specialist
managers (rather than a single specialist man-
ager) within a given asset class. For instance, a
sponsor might split the management of domes-
tic equities so that one manager oversees growth
stocks, while the other oversees value stocks, or
so that one manager uses a fundamental-based
strategy, while the other uses a quantitative strat-
egy. Therefore, it is crucial to analyze the results
of decentralization for a sponsor within each asset

class as well as across asset classes to assess the
performance and risk effects of decentralization.

2 Data

Our dataset consists of monthly and quarterly
returns on the investment portfolios of 2,385 UK
pension funds from March 1984 to March 2004.
The investment portfolios are divided into seven
asset classes: UK equities, UK bonds, over-
seas equities, overseas bonds, property, cash,
and index-linked bonds. In addition, for each
unique fund-quarter, the coded identity of the
manager or managers who are responsible for
the fund, the type of investment mandate under
which they operate, and the size of the invest-
ment portfolio under management are provided.
The investment mandates are classified as bal-
anced, multi-asset, or specialist. These pension
funds were typically occupational defined benefit
(principally final salary) pension funds that had
their performance monitored by CAPS at some
stage during this period. The assets of these pen-
sion funds were managed by up to 364 different
fund management companies (FMCs).2

Figure 13 shows the evolution in the proportion of
UK equity mandates in our sample that follows a
balanced, multi-asset, or specialist strategy, also
decomposed into single- and multiple-managed
mandates. The figure illustrates the secular move
by UK pension funds away from balanced man-
agers toward multi-asset and specialist managers
during the period March 1984 to March 2004.
Roughly 99% of portfolios were allocated to bal-
anced mandates during 1984, but only about
12% by 2004—by which time 63% of man-
dates were multi-asset and 25% were specialist.
From being an industry dominated almost exclu-
sively by balanced mandates in 1984, UK pension
funds developed into more of a hybrid industry
with several different types of mandates play-
ing an important role 20 years later. Figure 1
also shows the trend toward multiple-managed
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38 David Blake et al.

Figure 1 Distribution of UK equity mandates by mandate type and by number of managers: 1984–2004.
Note: This figure shows the evolution through time in the percentages of types of UK equity manager mandates, namely

specialists, multi-asset managers (who manage more than one asset class, but fewer than all asset classes), and balanced

managers (who manage across all asset classes), and whether these mandates were managed within the UK equity asset

class by a single (S) or by multiple (M) fund managers.

asset classes within each of the three different
mandates. Although the use of multiple balanced
mandates within a pension fund has decreased
over time, it has increased as a proportion of all
balanced mandates. The proportion of multiple
manager mandates has similarly increased among
multi-asset and specialist managers.

3 Decentralization pathways

In this section, we examine the two principal path-
ways along which the centralization/decentrali-
zation decision might proceed.

The first pathway along which a pension fund’s
chief investment officer (CIO) might decentralize
is by switching from a single balanced manager
across all asset classes to a specialist manager
within each asset class. For instance, the CIO may
decide that manager A is best suited to manage
UK equities, while manager B is best suited to
manage UK and international bonds.

Sharpe (1981) argues that specialists might invest
in acquiring superior private information on secu-
rities within a particular asset class, giving them
better performance than generalists. Therefore, if
the movement toward specialist managers is ratio-
nal, specialists should deliver better performance
(as per Sharpe, 1981) than balanced managers
that is more than sufficient to compensate for
the diversification loss (as per BBK). To provide
deeper insights into the economic motivation for
a pension fund CIO switching between balanced,
multi-asset, and specialist mandates, Panel A of
Table 14 presents transition matrices that con-
tain summary statistics across all manager change
events within the UK equity asset class.

Specifically, the panel shows all events where
a single manager within a given asset class is
replaced by another single manager. It is impor-
tant to recognize that some of these transitions
retain the same level of decentralization (or lack
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Decentralization in Pension Fund Management 39

Table 1 Transition matrices for mandate and number of managers.

Specialist Multi-asset Balanced

Panel A. Single-to-single manager switches
Specialist Num 9 NA NA

Size 0.40 NA NA
� Fees 0.02% NA NA
� Returns 1.95% NA NA

Multi-asset Num 5 36 1
Size 0.46 0.42 0.01
� Fees 0.14%** 0.02% 0.06%
� Returns 4.18% 0.38% −8.10%

Balanced Num 12 42 206
Size 0.14 0.19 0.67
� Fees 0.15%*** 0.03%*** 0.03%***
� Returns 4.34%*** 0.92%** 1.69%***

Panel B. Single-to-multiple manager switches
Specialist Num 42 10 5

Size 1.66 1.40 0.92
� Fees 0.03% 0.00% −0.03%
� Returns 1.31%* 3.60% −1.56%

Multi-asset Num 18 31 6
Size 1.42 1.02 1.56
� Fees 0.08%** 0.05%** 0.00%
� Returns 1.34% −0.05% 2.21%

Balanced Num 30 14 218
Size 1.32 0.67 1.01
� Fees 0.09%*** 0.06%** 0.02%***
� Returns 1.53%** 2.19%* 0.63%**

This table reports two transition matrices for funds that switched their mandates over the
period 1984 to 2004. The rows of each matrix report the mandates the funds switch from, and
the columns report the mandates they switch to. Each cell of the transition matrices contains
the number of funds that completed the switch, “Num”; their relative size compared to all the
other funds during the same quarter, “Size”; the change in fees associated with the switch, “�
Fees”; and the four-quarter pre-fee average returns differential associated with the switch, “�
Returns.” The significance of the change in fees and returns is computed using bootstrapped
p-values and the asterisks represent the significance levels (∗ = 10%, ∗∗ = 5%, ∗∗∗ = 1%).
Panel A reports the results for the funds that do not combine the change in mandate with a
change in the number of managers, while Panel B reports the results for the funds that combine
the change in mandate with an increase in the number of managers but do not replace the
incumbent manager. NA stands for “Not Available” and is associated with switches that never
occur in the dataset.
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thereof) within the pension fund. For instance, the
replacement of a single balanced manager with
another single balanced manager retains a fully
centralized structure, while the replacement of a
single specialist with another specialist retains the
same level of centralization within that asset class
(and the same level of decentralization across
asset classes).

The most common single-manager replacement
(206 cases) occurs when a balanced manager is
replaced by another balanced manager, across all
asset classes, thereby retaining fully centralized
asset management. Avery uncommon event (only
12 occurrences) is the replacement of a single bal-
anced manager with a single specialist manager,
a move to fully decentralized management under
a new set of mandates. There are no shifts from
a single specialist to a single balanced manager
(i.e., from fully decentralized to fully central-
ized management) in our dataset, suggesting that
decentralization, when optimally undertaken, is
intended to be irreversible, since the benefits for
the plan sponsor are anticipated to be permanent.

The cells also show, for UK equities, the average
relative size (in terms of assets under manage-
ment or AUM) of those funds making manager
switches in a given quarter, relative to the UK
equity allocation of all other pension funds dur-
ing the same quarter (where “1.0” indicates that
the fund making a manager replacement has UK
equity assets of the average size at that date). It
is clear that all funds making single-manager-to-
single-manager switches are much smaller than
the average fund, as indicated by the size indicator
being below unity in all cells—these small funds
cannot move to a multiple-manager mandate due
to the high fees involved.

Changes in fee levels and in realized pre-fee
returns, computed relative to the asset class
benchmarks, are also shown in the cells beneath
the size information. Same-mandate switches

(specialist to specialist or balanced to balanced)
result in improved pre-fee returns, at only a
slightly increased fee level. For instance, a switch
from one balanced manager to another results in a
(statistically significant) pre-fee return increase of
169 basis points (bps) from the year prior to the
year following a manager replacement, with an
average fee increase of only 2 bps per year. Since
there is no change in mandate type (and hence the
same level of manager centralization or decentral-
ization), this significantly improved performance
indicates that sponsors appear to delay replacing
managers with lagging performance due to the
uncertainty in the performance of the new man-
ager (and perhaps to the career risk faced by the
CIO when executing such a switch).5

The second pathway along which the CIO might
decentralize is to move from a single manager to
multiple managers within each asset class. For
instance, a pension fund can choose a number
of balanced managers, each managing across all
asset categories. Similarly, a fund that wishes to
employ a specialist strategy might hire one or
more specialist managers within each asset class.
Either decision represents a switch from central-
ized to decentralized management within asset
classes.

Why might pension fund sponsors consider
employing multiple managers? Since Chen et al.
(2004) report evidence of strong scale disec-
onomies in fund management (before fees) and
Berk and Green (2004) demonstrate that such
performance diseconomies result from growth in
AUM for successful funds, we would expect CIOs
to be especially keen to switch to multiple man-
agers when their funds have grown too large for
a single manager to maintain an acceptable level
of performance. Further, if the CIO is uncertain
about the manager’s true skill level, he might
want to employ a number of managers to diversify
alpha risk. Indeed, Sharpe (1981) distinguishes
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between diversification of style (where funds
employ multiple managers with different invest-
ment approaches) and diversification of judgment
(where multiple managers are employed to ana-
lyze the same subset of securities). The latter
is related to uncertainty about the true level of
each manager’s alpha. Kapur and Timmermann
(2005) show that, if fund managers have specialist
skills that are not perfectly known by the spon-
sor, then a risk-averse sponsor (in our setting,
represented by the CIO) will employ multiple
managers to diversify the risk of employing a low
skilled fund manager. If this effect is important,
we would expect to find a tighter distribution
of alphas among multiple-managed funds than
among single-managed funds. Also, we would
expect the CIO to be especially concerned about
alpha risk as a fund grows larger, due to the higher
penalty from underperformance.

Hiring multiple managers could also induce an
internal yardstick competition (Shleifer, 1985),
allowing the CIO to assess managers’ compara-
tive performance and overcome the problems of
shirking and hidden actions (see also Holmstrom,
1982). Mookherjee (1984) shows that, with multi-
ple agents, relative performance evaluation when
agents’ outputs are correlated enables the prin-
cipal (in this case, the CIO) to obtain first-best
outcomes.

Nevertheless, hiring multiple managers intro-
duces a coordination problem—this time within
an asset class—in addition to the cross-asset-class
coordination problem discussed earlier. BBK
argue that the CIO will contract with each fund
manager in a way that induces the manager to opti-
mally choose a lower risk portfolio than would be
chosen without the coordination problem. How-
ever, if the CIO expects the new manager to have
greater skill than the incumbent, the CIO will
allocate a greater risk budget to each new man-
ager, although the total risk budget (across all

managers) can still be lower than in the case in
which there is no coordination problem due to
imperfect correlations in the managers’ returns.

To explore these issues, Panel B of Table 1
presents a transition matrix that illustrates the eco-
nomics of single to multiple UK equity manager
decentralization switches. The majority of these
switches maintain the same mandate type (for
instance, single specialist to multiple specialist).
Furthermore, a substantial fraction (61%) of the
switches occur within the balanced mandate.

An examination of the relative size of funds
changing from single to multiple managers within
an asset class offers additional insights. These
funds are much larger than those switching from
one single manager to another, as shown by com-
paring the corresponding cells in Panels A and B
of Table 1. Also, funds switching from single to
multiple specialists are substantially larger than
funds switching from single to multiple balanced
managers, which indicates that an optimal strat-
egy for funds facing severe scale diseconomies is
to employ multiple specialist managers.

What is the economic motivation behind the
different changes? Single-to-single replacements
(Panel A) generally result in higher improve-
ments in returns than single-to-multiple switches
(Panel B). This finding suggests that single-to-
single manager changes are motivated by an
attempt to find a more-skilled manager, while
single-to-multiple manager changes are made to
avoid anticipated increased scale diseconomies as
a pension fund’s assets grow larger.

The smaller improvement in performance asso-
ciated with single-to-multiple manager switches
suggests that the CIO moves more quickly to
make this type of switch than the single-to-single
manager switch. We also find a tighter distri-
bution of manager skills in larger funds and
this could additionally contribute to the smaller
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improvement. There are a number of potential
explanations for these findings. First, although
there may be some residual uncertainty about the
true skill level of the incumbent manager, initially
there is likely to be a great deal of uncertainty
about the skills of any newly appointed manager.
The CIO may be reluctant to fire a long-standing
manager who might have had a spell of bad luck
and replace him with a manager whose perfor-
mance could be worse. With a single-to-multiple
manager change, the incumbent can be retained
while learning more about the skill level of the
new manager. Second, a CIO will learn from
experience where the scale diseconomies in asset
management begin to bite for his particular fund,
so he will be able to predict more precisely when
a single manager’s skills will likely begin to tail
off as a function of the size of the manager’s
AUM.

4 Evidence on the performance of balanced,
multi-asset, and specialist mandates

Building on the analysis in the previous sec-
tion, we now attempt to identify some of the
causal factors explaining the different pathways
to decentralization.

The first dimension of the decentralization deci-
sion is whether to employ a single balanced
manager across all asset classes, or to employ
a specialist manager within each asset class. If
the movement toward specialist managers is ratio-
nal, then specialist managers should deliver better
pre-fee performance than balanced managers to
compensate for the diversification loss as well
as the higher fees charged by specialists. On the
other hand, balanced fund managers market them-
selves as providers of strategic asset allocation
services across the full range of assets available,
and are in a position to take advantage of mar-
ket timing and security selection opportunities
across all asset classes. We would, therefore,
expect that the measured performance (before

fees) of fund managers will depend on mandate
type: (i) specialist fund managers will exhibit
better security-selection skills; (ii) balanced fund
managers will exhibit better market-timing skills;
(iii) given that there is a diversification loss with
the use of specialists and because of their higher
fees, the total performance of specialist man-
agers will exceed that of balanced managers to
compensate; and (iv) the performance of multi-
asset managers will be greater than balanced,
but less than specialist managers’ performance.
In order to test these predictions, we assess the
performance of fund managers by mandate-type:
specialist fund managers should exhibit security-
selection skills, while balanced fund managers
should possess market-timing skills.

Our analysis concentrates on the three main asset
classes held by UK pension funds over the data
period, namely UK equities, UK bonds and inter-
national equities. To test for security selection and
market timing skills in UK equities, we estimate
a five-factor model by fund manager i at pension
fund f during quarter t:

rift = αif + β1if rmt + β2if SMBt + β3if HMLt

+ β4if MOM t + β5if r
2
mt + εift, (1)

where rift is the pre-fee excess return (over a
T-bill rate), rmt is the period—t excess return
on the benchmark UK equity portfolio, SMBt ,
HMLt , and MOM t are the Fama–French (1993)
size and value common risk factors augmented
by the Carhart (1997) momentum factor.6 Under
the null hypothesis of no selectivity skills, αif

(Jensen’s alpha) should be equal to zero. We
can test for selectivity skills across, for exam-
ple, all specialist equity mandates, by testing for
the significance of the average alpha, ᾱ, across
F funds and M specialist equity fund managers
in the sample. To conduct inference about the
statistical significance of this mean alpha esti-
mate, we use the residual-resampling bootstrap
procedure prescribed by Kosowski et al. (2006).
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Decentralization in Pension Fund Management 43

To separate selectivity from timing skills, Equa-
tion (1) includes a quadratic term on the excess
return on the market. Following Grinblatt and
Titman (1994), the Treynor–Mazuy (1966) total
performance measure (TM) for each pension fund
manager is defined as:

TMif = αif + β5if Var(rm), (2)

where Var(rm) is the variance of the excess
returns on the market and its coefficient β5if is
the market timing beta. For domestic bonds, we
estimate a four-factor model consisting of the
excess returns on the FTSE-A All-Gilts (GOVB)
and UK government consol (i.e., perpetual)
bonds (CONS) portfolios, again measured rel-
ative to the UK T-bill rate, and their squared
values (GOVB2 and CONS2). For international
equities, we use a six-factor model comprising
sterling-denominated excess returns on the North
American (NA) and Europe Australasia Far East-
ern Ex UK (EAFEX) stock market portfolios and
their squared values (NA2 and EAFEX2), plus
global SMB and HML factors.7 We separate the
global equity return into North American and
EAFE components because of evidence in Tim-
mermann and Blake (2005) which shows that
UK pension fund weights on North America
differed significantly from their corresponding
market capitalization weights over the sample
period studied here.

Tables 2 and 38 show the results of the security
selection and market timing measures of pre-fee
performance for each mandate type, with boot-
strapped p-values for two sub-samples of the
dataset, from March 1984 to March 1994, and
from April 1994 to March 2004. Specialist man-
agers outperform balanced managers in all three
asset classes based on Jensen’s alphas, and for
the total performance measures, for both sub-
periods of the full dataset. Specifically, for UK
equities, the average pre-fee selectivity alpha for
specialist mandates was an insignificant 31 bps

per year in the sub-sample period 1984–1994,
but this increased to a significant 79 bps over the
period 1994–2004. The performance of specialist
mandates in international equities was particu-
larly impressive in both sub-samples: 3.39% and
1.97%, respectively. The results for the multi-
asset mandates typically lie between the specialist
and balanced mandates: multi-asset mandates
also display significant selectivity skills, particu-
larly in international equities, where they exhibit
pre-fee alphas of 4.48% and 1.53% per year.
These results confirm that specialist fund man-
agers display significant security selection abili-
ties, and their pre-fee total performance exceeds
that of balanced managers. The total performance
of specialist and multi-asset managers is generally
higher in the second sub-sample than the first.
However, the total performance of balanced man-
agers is not statistically different from zero in
both periods. Although there is some evidence
that in UK equities in the period 1984–1994 bal-
anced managers did appear to display a small
amount market timing skills, with a coefficient
of 0.12 and a zero p-value. However, we do not
find systematic evidence that balanced mandates
are associated with positive returns from market
timing. The same holds for specialist and multi-
asset mandates. There is little evidence that fund
managers, whatever their mandate type, possess
any genuine market timing skills, consistent with
extant research on both mutual fund and pension
fund managers.

Previous studies of pension fund performance,
including Beebower and Bergstrom (1977), Brin-
son et al. (1986), Ippolito and Turner (1987),
Lakonishok et al. (1992), Coggin et al. (1993),
Christopherson et al. (1998), and Bauer et al.
(2007) for the US, and Blake et al. (1999) for the
UK, have typically found little evidence of either
security selection or market timing skills by pen-
sion fund managers. However, these studies did
not allow for the differing objectives of pension
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fund managers, and whether they were operating
under balanced or specialist mandates. We have
shown that it is important for balanced managers
to be assessed for market timing skills, and for
specialists to be assessed for selectivity skills.

Of course, sponsors of pension plans are inter-
ested in the performance of a fund manager, net
of management fees. However, the CAPS dataset
does not include information on manager-specific
management fees, which are typically negotiated
on a case-by-case basis between each pension
fund and the FMC and are not publicly disclosed.
Instead, we simulate a set of fund manager fees for
each pension fund mandate using a comparable
dataset from Defaqto of the same fund manage-
ment company’s fees for retail products. These
retail fees are then rescaled using a survey dataset
on institutional fees from Mercer (2006).

Table 49 reports the distribution of these annual
fees by mandate and asset class based on our sim-
ulations. It can be seen from the mean of these
distributions that specialist fees for international
equities at 41 bps are significantly higher than all
the other sets of fees, significantly reducing the
benefit to pension funds of the high pre-fee per-
formance of specialist mandates in international
equities that we noted in Tables 2 and 3. The fees
for balanced mandates, on the whole, are lower
than for specialist and multi-asset mandates. One
notable feature is that the fees for specialist bond
mandates are much lower than for multi-asset
and balanced bond mandates, which suggests that
these latter two mandates include some cross-
subsidization across asset classes (e.g., their bond
class fees may partly subsidize their equity class
operations).

4.1 The dynamics of manager switching

The second dimension of the decentralization
decision is whether to employ a single or mul-
tiple managers within an asset class. Table 510

explores the dynamics of the switch from sin-
gle to multiple managers. The table reports the
results of a logit regression of a fund’s probabil-
ity of switching from single to multiple managers
in a given asset class as a function of the fund’s
size (δ) and past performance (γ).11 Size is mea-
sured as log fund size relative to the average fund
size across all funds in existence at time t (in that
asset class). Past performance is measured by the
average annual return in excess of the benchmark
for fund f over the four quarters prior to t.

Increasing fund size is a strong predictor of
the switch from single to multiple managers in
the three main classes, but especially in UK
bonds. Poor past performance also increases the
probability of switching from single to multi-
ple managers in each asset class. Note, that δ is
positive for all asset classes (and mostly statisti-
cally significant), confirming that diseconomies
of scale are an important driver of the move from
single to multiple managers. A UK equity fund
that is 10 times the average size has an 18%
higher chance of switching than the average fund,
while the corresponding numbers are 48% and
25% for UK bonds and international equities,
respectively. Note, also, that the switch from sin-
gle to multiple managers, in aggregate (Panel A),
is (weakly) driven by poor previous four-quarter
performance (γ), although this result is not con-
sistent across mandates or asset classes. In fact,
it is positive and statistically significant for spe-
cialist mandates in UK equities, implying that
positive past performance from a single special-
ist mandate encourages pension fund sponsors to
choose multiple specialist managers, especially
in UK equities.

So switching from single to multiple managers
appears to be driven mainly by diseconomies
of scale at the fund level, and sponsors
appear to properly anticipate and make the
switch before there is significant deterioration
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Table 4 Annual fees by mandate and asset class (%).

Asset class 1% 5% 10% 25% 50% 75% 90% 95% 99% Mean% Meanw%

Panel A: Specialist mandates
UK equities 0.00 0.05 0.13 0.20 0.33 0.42 0.52 0.55 0.59 0.32 0.21
UK bonds 0.00 0.00 0.01 0.07 0.13 0.20 0.27 0.29 0.34 0.14 0.07
International equities 0.15 0.18 0.27 0.41 0.52 0.58 0.62 0.63 0.67 0.48 0.41

Panel B: Multi-asset mandates
UK equities 0.08 0.21 0.24 0.30 0.36 0.41 0.44 0.45 0.45 0.35 0.28
UK bonds 0.10 0.24 0.28 0.33 0.35 0.41 0.41 0.41 0.41 0.35 0.30
International equities 0.09 0.21 0.25 0.31 0.35 0.39 0.41 0.41 0.41 0.34 0.27

Panel C: Balanced mandates
UK equities 0.03 0.11 0.16 0.26 0.35 0.38 0.41 0.42 0.45 0.31 0.21
UK bonds 0.03 0.12 0.22 0.31 0.35 0.39 0.41 0.41 0.41 0.33 0.26
International equities 0.03 0.12 0.21 0.30 0.35 0.38 0.41 0.41 0.41 0.32 0.24

This table presents the annualized estimated fees across specialist, multi-asset, and balanced mandates for the three main
asset classes held by the pension funds, namely UK equities, UK bonds, and international equities. All results are based
on quarterly data over the period from 1984 to 2004. Panel A reports results for specialist mandates. Panels B and C
present results for multi-asset and balanced mandates, respectively. The columns “mean” and “meanw” report simple and
value-weighted average fees.

in pre-fee performance caused by diminishing
scale-economies at the fund level.

4.2 The coordination of fund managers:
Competition and manager performance

Do managers perform differently when they com-
pete with other managers? Our dataset allows
us to address this question in a unique manner,
since we have data on the same manager, both
when acting alone and when competing against
one or more other managers in the same asset
class. For example, we have pre-fee UK equity
returns for each fund manager across many dif-
ferent sponsors during the same time periods.
Some sponsors employ a particular fund man-
ager in a multiple-manager setting within UK
equities, while others employ the same fund man-
ager as their sole UK equity manager. Our data
allow us to control for the unique skill of each
manager using a manager fixed-effects modeling

framework. Differences in performance as a result
of manager competition can then be addressed, by
considering whether managers perform better or
worse in a multiple-manager setting.

To this end, we conduct, for a given asset
class (e.g., UK equities), the following experi-
ment. In the first stage, we run the regression in
Equation (1), and compute the risk-adjusted per-
formance for manager i at fund f , denoted r

adj
ift =

α̂if + ε̂ift . We can also compute the average risk-
adjusted performance of manager i, ᾱi, across all
funds managed, f , where ᾱi = 1

Fi

∑Fi

i=1 α̂if and
Fi equals the number of funds that manager i is
managing in a given asset class. In the second
stage, we run a pooled regression across all funds
managed by all managers across all time periods,
for the given asset class:

r
adj
ift − ᾱi = δ log(REL_SIZEift)

+ γNMANft + νift, (3)
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Table 5 The probability of switching from single to multiple managers: The
effect of fund size and past performance.

δ t-test (δ) γ t-test (γ)

Panel A: Aggregate results
UK equities 0.08 2.26 −8.24 −1.21
UK bonds 0.21 5.95 −12.90 −1.46
Int. equities 0.13 3.50 −4.52 −1.46

Panel B: Results by mandate types
Specialist Mandates UK equities 0.16 1.99 19.61 3.58

UK bonds 0.59 3.74 −17.21 −0.54
Int. equities 0.09 1.21 −2.15 −0.38

Multi-asset mandates UK equities 0.42 2.58 −19.39 −0.84
UK bonds 0.45 3.11 −45.00 −1.69
Int. equities 0.48 2.96 −11.29 −0.87

Balanced mandates UK equities 0.15 3.17 −4.74 −0.55
UK bonds 0.20 4.94 5.63 0.50
Int. equities 0.20 4.28 −3.82 −1.03

This table reports results of a logit model of a fund’s probability of switching from
single to multiple managers in a given asset class as a function of the fund’s size (δ) and
past performance (γ). Size is measured as log fund size relative to the average fund size
across all funds in existence at time t. Performance is measured as the average annual
return in excess of the benchmark for each fund over the course of the previous year.
Time-fixed effects are used. Panel A reports aggregate results while Panel B reports the
results for specialist, multi-asset, and balanced mandates.

where REL_SIZEift equals the total net assets at
the end of quarter t for manager i at fund f in a
particular asset class (e.g., UK equities) divided
by the average fund size in that asset class during
that quarter (across all managers), and NMANft

equals the total number of managers in the asset
class at fund f during quarter t. This specifica-
tion captures any diseconomies of scale at the
fund level, controlling for the intrinsic skill of
a particular manager—which we would expect
to be common across all funds managed by the
same manager—as measured by ᾱi. Again, we
use relative fund size (REL_SIZE), as we would
expect fund-level diseconomies of scale, prin-
cipally caused by market impact effects, to be
driven by fund size relative to the size of capital
markets.

Table 612 presents the results from this two-stage
procedure capturing the effect of fund size and
number of managers on fund performance, sepa-
rated by mandate type (specialist, multi-asset, or
balanced). Panel A shows that there is evidence
of pre-fee diseconomies of scale at the fund level
as the regression coefficient, δ, is negative for
seven of nine fund types. However, the effect is
economically small; for instance, a fund and bal-
anced manager pairing in UK equities that is 10
times the size of another such pairing exhibits an
estimated relative alpha decrease of only about
16 bps per year. Second, the results of PanelAsug-
gest there is no evidence that a larger number of
managers result in increased pre-fee performance,
as indicated by the largely negative values of the
regression coefficient, γ .
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Table 6 Pre-fee performance, fund size, and the number of managers.

δ t-test (δ) γ t-test (γ) Obs.

Panel A: Scale economies at fund level
Specialist UK equities 0.0002648 1.81 0.0001358 0.98 11017

UK Bonds 0.0001032 1.07 0.0000964 0.73 4066
Int. equities −0.0009035 −3.81 −0.0000473 −0.21 8731

Multi-asset UK equities −0.0001081 −1.35 −0.0000974 −1.18 13338
UK Bonds −0.0000242 −0.42 −0.0000424 −0.67 10488
Int. equities −0.0001358 −0.83 −0.0001523 −0.88 12302

Balanced UK equities −0.0001768 −5.14 −0.0001818 −4.75 73045
UK Bonds −0.0000452 −1.61 −0.0000203 −0.55 56889
Int. equities −0.0001441 −2.00 −0.0000886 −1.09 69958

Panel B: Scale economies at manager level
Specialist UK equities 0.00000 −0.03 0.00033 1.19 11017

UK Bonds 0.00050 7.08 0.00131 3.27 4066
Int. equities 0.00071 3.40 0.00080 1.82 8731

Multi-asset UK equities 0.00024 4.22 −0.00004 −0.23 13338
UK Bonds 0.00008 1.82 −0.00015 −1.08 10488
Int. equities −0.00026 −2.25 −0.00005 −0.12 12302

Balanced UK equities 0.00049 16.20 −0.00043 −5.82 73045
UK Bonds −0.00013 −5.01 0.00012 1.69 56889
Int. equities 0.00085 13.38 −0.00010 −0.63 69958

This table presents results from a two-stage procedure capturing the effect of fund size and number of managers
on fund performance. First, we compute risk-adjusted returns using the factor models described in Section 4 of
this paper. In Panel A, we present a measure of risk-adjusted returns that controls for managers’ skills across
funds and we regress this measure on log fund size relative to the average fund size and a variable indicating the
number of managers active in each asset class, without including a constant. In Panel B, we regress risk-adjusted
returns on a constant, the log size of the manager across all funds, and a variable indicating the number of
managers active in each asset class. The coefficient for the size variable is δ, while the coefficient for the number
of managers is γ .

However, the model in Equation (3) might not
be capturing FMC scale economies. Specifically,
we might expect there to be scale economies
at the FMC level, even though there are scale
diseconomies at the pension fund level, simi-
lar to the findings of Chen et al. (2004) among
mutual funds. At the FMC level, economies
might be due to spreading fixed costs (e.g., a
large research team of security analysts) among
a greater number of funds; furthermore, large
FMCs are able to recruit and retain the best—

and correspondingly most expensive—fund man-
agers. Accordingly, we employ another specifi-
cation that uses the same first-stage regression
as the above model, but uses a second-stage
regression that captures the size of the FMC
in a particular asset class (e.g., the aggregate
of all UK equity funds managed by the fund
manager):

r
adj
ift = c + δ log(TOT_SIZEit)

+ γNMANft + νift, (4)
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where TOT_SIZEit = ∑Fi

f=1 SIZEift measures the
aggregate assets (in a particular asset class)
operated by manager i at the end of quarter t across
all funds. In Panel B of Table 6, we find statisti-
cally significant evidence of economies of scale at
the FMC level, since five out of nine coefficients,
δ, are positive and significant at the 1% signifi-
cance level. This suggests that large FMCs do pro-
vide better performance. We also find evidence of
a positive competition effect among specialists,
as the coefficient γ is positive and economically
large for each asset class (and is highly signif-
icant in the case of UK bonds, where a fund
moving from one to two managers experiences
an increase in risk-adjusted return of 52 bps per
year). However, there is no consistent posi-
tive competition effect among multiple managers
operating under either multi-asset or balanced
mandates, again indicating that skills, even under
competition, are only prevalent among specialist
managers.

Table 7 Portfolio variance sorted by number of fund managers and by fund size.

Total portfolio UK equities

Size tercile Size tercile

Managers Small Medium Large Managers Small Medium Large
1 0.471 0.335 0.310 1 0.344 0.270 0.208
2 0.393 0.255 0.224 2 0.318 0.188 0.161

3 or more 0.240 0.221 0.189 3 or more 0.279 0.187 0.127

UK bonds International equities

Size tercile Size tercile

Managers Small Medium Large Managers Small Medium Large
1 0.184 0.107 0.119 1 0.853 0.615 0.622
2 0.128 0.133 0.083 2 0.847 0.422 0.379

3 or more 0.441 0.121 0.085 3 or more 1.301 0.514 0.378

This table shows the average return variance for funds sorted by the number of managers (one, two, or three
or more), and by size terciles (small, medium, and large). Each quarter, we sort the funds into nine categories
according to the number of funds employed and the size of the fund’s portfolio. We then compute the cross-
sectional variance of fund returns for each category and finally calculate the time-series mean of this number. All
variances are annualized before being multiplied by 1000 and are based on the full sample from 1984 to 2004.

4.3 The coordination of fund managers:
Competition and manager risk

The appointment of multiple managers can result
in significant diversification losses, so the spon-
sor should optimally reduce the risk budget of
each fund manager to achieve the desired over-
all level of risk, as predicted by the theoretical
model of BBK. To explore whether pension fund
sponsors adjust the risk of their funds when they
increase the number of fund managers employed,
we decompose fund risk according to the num-
ber of managers employed by the fund. For each
fund, we compute the value-weighted average
returns across all managers within a given asset
class. We then perform a 3 × 3 double sort, in
which we divide the funds into terciles accord-
ing to their SIZE (small, medium, large) and the
number of fund managers, NMAN (1, 2, 3, or
more). We subdivide by fund size, since portfo-
lio return volatility is highly negatively correlated
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with fund size (since smaller funds are generally
less diversified than large funds).

For each period, we compute the cross-sectional
sample variance in portfolio returns for each
size/manager tercile. We then average this over
time to get a summary measure of the time-series
average cross-sectional return variance across
funds included in each of these nine terciles.
Hence, our analysis is based on the following
measure of the variance (within an asset class):

σ2
SIZE,NMAN

= 1

T

T∑
t=1

(
1

NMAN t − 1

NMAN t∑
i=1

(rit − rt)
2

)
,

(5)

where rt is the (cross-sectional) average return
within a given size/manager tercile, NMAN t is
the number of managers in the same size/manager
tercile, and T = 81 is the total number of quarters
in the dataset.

Table 8 Return variances for single- and multiple-managed funds.

Mean of variances of returns Funds t-test

Panel A: Full-sample results
Single-managed funds 5.54 1473

4.18
Multiple-managed funds 5.01 655

Panel B: Sub sample results
1984–1990 Single-managed funds 8.30 848

0.07
Multiple-managed funds 8.28 281

1990–1997 Single-managed funds 2.29 756
3.70

Multiple-managed funds 2.10 338

1997–2004 Single-managed funds 5.63 538
4.65

Multiple-managed funds 5.01 407

This table presents the average variance of returns for single- and multiple-managed funds for the full sample
(1984–2004) as well as for three subsamples. Each quarter, we group funds according to whether they are
single- or multiple-managed. Only funds with a minimum of 12 quarterly observations are included in the
analysis. Funds that switch from being single-managed to becoming multiple-managed (or vice versa) are
categorized as separate funds. Average variances are annualized before being multiplied by 1000.

The results from this exercise are shown in
Table 7.13 They reveal a clear pattern relating fund
size, the number of fund managers employed, and
the portfolio risk for the overall pension fund
sponsor’s portfolio. Specifically, the larger the
fund, and the greater the number of managers,
the lower the dispersion of portfolio returns. The
results are strongest for the total portfolio and for
UK equities, but also hold for the largest UK bond
and international equity funds.

As a second test, we compute the average time-
series variance of returns for single- and multiple-
managed funds for the full sample, as well as four
sub-samples. For each quarter, we group funds
according to whether they are single- or multiple-
managed. For each fund, i, we then compute its
time-series variance of returns over the sample
period, τi, for which we have quarterly return
observations for that fund. Only funds with a min-
imum of 20 quarterly observations are included
in the analysis, and funds that switch from being
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single-managed to becoming multiple-managed
(or vice versa) are categorized as separate sam-
ples, according to their status during a particular
period, in the computation. The average variance
measure is:

σ2
f = 1

Ff

Ff∑
i=1

(
1

τi − 1

τi∑
t=1

(rit − ri)
2

)
,

where f ∈ (SINGLE, MULTI) represents the
single- or multiple-manager sample and Ff

is the number of funds in the corresponding
sample. The results are shown in Table 8.14

Clearly, multiple-managed funds have, on aver-
age, a lower volatility than single-managed funds.
Moreover, these findings are not just a result of
multiple-managed funds becoming more preva-
lent in the latter part of the sample, since
the multiple-managed funds have statistically
significantly lower variance than the single-
managed funds in two of three sub-samples.

These results suggest that an increasing number
of managers being employed by a fund lowers
the volatility of the fund’s returns. Since multi-
ple managers are more likely to manage different
security types, or employ different strategies,
sponsors appear to be especially sophisticated
in setting reduced risk budgets so that the over-
all risk is controlled properly. We have already
found weak evidence that performance is posi-
tively influenced by the number of fund managers.
Thus, while we find that the reduced risk bud-
get under decentralized management does indeed
lead to a reduction in risk, there is no corre-
sponding decrease in performance because the
competition and/or specialization effects from
having multiple managers more than compen-
sate. Both effects help reduce the impact of
diseconomies of scale which would otherwise
tend to worsen performance as funds grow
larger.

Fund sponsors also face the risk associated with
not knowing the true skill of fund managers.
An important question that arises from this is
whether hiring multiple managers can help diver-
sify the risk relating to manager alphas. To address
this, we estimate the alphas for both single- and
multiple-managed funds using the factor speci-
fications for the three asset classes. Table 915

provides insights into the distribution of the esti-
mated alphas along with the standard deviations
of these alpha estimates across the single- and
multiple-managed funds. The results show that
hiring multiple managers can reduce alpha risk:
there is a clear tendency for alpha estimates to
be far more widely dispersed for single-managed
funds than for multiple-managed funds across
all three asset classes and across all mandate
types. This suggests that alpha diversification is
an important reason why funds employ multiple
managers.

5 Conclusions

Our findings help to explain both the shift from
balanced to specialist managers over the sample
period—pension funds benefited from superior
performance as a result of the shift—and the
shift from single to multiple managers—pension
funds benefited from risk reduction, via alpha
diversification, and from avoiding fund-level dis-
economies of scale by employing multiple man-
agers. In short, our findings suggest that the move
by UK pension funds from employing a single
balanced fund manager to employing multiple
fund managers with specialist mandates is due
to the following factors. First, specialist man-
agers appear to outperform balanced managers,
even after allowing for the higher costs of spe-
cialist mandates. Second, pension fund sponsors
appear to be sensitive to fund manager perfor-
mance, and switch to multiple specialist managers
in an attempt to improve performance. Third,
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pension fund sponsors recognize the potential dis-
economies of scale that may arise as pension fund
assets grow, and employ multiple fund managers
to reduce these scale diseconomies. Fourth, pen-
sion fund sponsors recognize the coordination
difficulties in employing multiple managers and
optimally reduce the risk budget of each fund
manager to obtain the desired overall level of
risk. Fifth, in the presence of unknown fund man-
ager skill, pension fund sponsors employ multiple
managers to minimize the risk of employing a
poorly performing manager. We interpret these
shifts as largely being rational by pension fund
sponsors, despite the greater coordination prob-
lems and diversification loss associated with
increased decentralization.

Our findings carry important implications for both
pension fund sponsors and fund managers (and for
other institutional investors). Our findings sug-
gest that as a pension fund increases its assets
under management, there are different ranges of
asset size at which economies and diseconomies
of scale set in, at the level of both the pension
fund and the investment manager.

When a pension fund is small, it will not be able
to afford expensive segregated management and
will settle for a standard pooled investment fund
with the commensurate level of fees. As the pen-
sion fund grows, beyond some asset size, it can
afford to employ a segregated balanced invest-
ment manager and can begin to negotiate on fees.
However, as the pension fund grows even larger,
the trading activities associated with its large size
will begin to have a negative market impact effect
on the core asset classes (equities and bonds) in
which it invests, and diseconomies of scale begin
to bite. But as the pension fund grows even larger,
it can afford to employ specialist managers and
diversify into a wider range of alternative spe-
cialist asset classes (such as private equity, hedge
funds, infrastructure, and commodities) in which

economies of scale can again be exploited. Fur-
ther growth in assets means the pension fund can
afford to employ multiple specialist managers in
each asset class and hence diversify across man-
ager risk. It can also afford to employ a skilled
CIO, employ in-house research and, possibly, in-
house investment management which allows it to
respond more rapidly to news.

Similarly, when a fund management company is
small, it has limited research capabilities and can-
not afford to hire the most talented managers.
As the FMC grows, it can afford to engage in
more sophisticated research and employ better
managers—economies of scale can be exploited.
But there are diminishing returns to research and
successful managers can become a victim of their
own success. Most successful managers merely
scale up their existing investments as new funds
flow in, with inevitable consequences for reduced
performance. Ultimately, “size is an anchor to
performance”, so it is critical to know when the
trigger points at which diseconomies of scale
begin to bite in both the pension fund and the
fund manager. The same will hold for other
institutional investors.
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Notes

1 In the UK, a pension plan operates under “trust law”
(see, e.g., Blake, 2003). This means that a pension plan
is run by independent trustees (or fiduciaries) in the best
interests of the plan members. The plan sponsor appoints
the trustees, although up to one-third can, if the mem-
bers choose, be elected by them. Legally, all decisions
are made by the trustees, although they generally dele-
gate investment decisions to investment professionals,
and have a duty to take into account the views of the
sponsor. We do not have information on the governance
structure of different pension plans (such as informa-
tion on the trustees). Therefore, for simplicity, we refer
to the sponsor or the sponsor’s appointed chief invest-
ment officer as being the decision-maker, even though,
legally, this role is held by the trustees.

2 March 2004 approximately marks a structural break in
pension fund investment behavior in the UK. After this
date, defined benefit pension funds were required to
match assets and liabilities more effectively to reduce
their levy to a new mandatory Pension Protection Fund
established by the 2004 Pensions Act. As a result of
these more onerous requirements (in addition to other
market-related circumstances), most UK private sector
defined benefit pension plans closed to new members
and employers opened defined contribution pension
plans instead.

3 Taken from Blake et al. (2013, Figure I).
4 Taken from Blake et al. (2013, Table IV).
5 Had sponsors not delayed replacing managers with lag-

ging performance, the cumulative underperformance of
the manager who is fired (relative to the new manager)
would not have been so large.

6 CAPS use the total return on the FTSE All-Share Index
as the benchmark for UK equities. We take the excess
return of this index over the UK Treasury bill rate. SMBt ,
HMLt and MOM t are UK versions of these factors
reported in Gregory et al. (2013).

7 As the value factor, we use the sterling return on the
World ex UK Standard Value Index (MSCI Barra). As
the growth factor, we use the sterling return on the World
ex UK Standard Growth Index (MSCI Barra).

8 Taken from Blake et al. (2013, Table I.A.IV and
Table I.A.V.).

9 Taken from Blake et al. (2013, Table I.A.III).
10 Taken from Blake, et al. (2013, Table I.A.XI).
11 In the regression, the dependent variable is an indicator

variable that takes the value unity, if fund f switches

from a single manager to multiple managers during
quarter t in a particular asset class.

12 Taken from Blake et al. (2013, Table I.A.XII).
13 Repeated from Blake et al. (2013, Table VI, Panel A).
14 Repeated from Blake et al. (2013, Table VI, Panel B).
15 Repeated from Blake et al. (2013, Table VII).
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